Abstract-We explore the effects of temporary help employment on welfare recipients' subsequent employment and welfare dynamics. We find that any employment-in temporary help services or other sectorsyields substantial benefits compared to no employment. Although welfare recipients who go to work for temporary help service firms have lower initial wages than those with jobs in other sectors, they experience faster subsequent wage growth. Two years later, they are no less likely to be employed, their wages are close to those of other workers, and they are only slightly more likely to remain on welfare.
I. Introduction
T hroughout the 1990s, the U.S. welfare system has been evolving from a system primarily focused on getting qualified individuals registered for cash assistance to one that aims to help disadvantaged individuals obtain selfsufficiency through employment. Rather than focusing solely on documenting eligibility, caseworkers now must develop a program of training and employment counseling that will place welfare recipients into jobs. As this has occurred, state and local welfare agencies and individuals in need of assistance have increasingly turned to labor market intermediaries, including temporary help service firms and other public and private employment agencies, as one way of connecting people with jobs (Pavetti et al., 2000) .
Concerns are being raised, however, about the increased use of temporary help service firms for placing welfare recipients and other disadvantaged individuals into jobs. Jobs with temporary help service firms are frequently less stable, offer fewer fringe benefits, and pay lower wages than similar jobs in traditional (end-user) firms. Blank (1998) estimates that between 40% and 70% of temporary help service workers are in what she refers to as "problem" jobs, jobs that both pay low wages and are less stable. At least one study finds that a majority of such workers state that they would prefer traditional employment arrangements (Cohany, 1998) .
On the other hand, for many low-skilled workers employment through labor market intermediaries may provide a path to permanent and stable employment. By limiting the extent of employer commitment, such jobs may provide access to informal training and screening for workers who might otherwise be excluded from such opportunities. Though a variety of studies present a picture of the kinds of workers in such positions, little is presently known about the role that temporary help service employment plays in the career trajectories of welfare recipients. 1 To further examine the effect that temporary help service firms have on the labor market experiences and outcomes of welfare recipients, we address two main questions: Who among welfare recipients goes to work for temporary help service firms, and what are the implications of temporary employment for their labor market outcomes, compared to those welfare recipients who are hired directly by the firms in which they work? 2 We address these questions using administrative data on all welfare recipients in Missouri and North Carolina and all employment covered by unemployment insurance reporting requirements in those two states. Our data on welfare recipients and employment begin in 1990 in Missouri and 1995 in North Carolina. These data include standard demographic information about individuals, such as age, race, sex, and education, as well as total earnings in a quarter and the industry of their employers. Using a multinomial logit model we examine how differences in individual characteristics and past welfare and employment experience affect the probability of working in a temporary help job relative to either not working at all or working for a firm in an alternative industry. We compare the earnings, earnings growth, and patterns of welfare receipt of welfare recipients who work for temporary help service firms with those of welfare recipients who either do not have jobs or have jobs with end-user firms, controlling for individual characteristics. Finally, we compare the movement of welfare workers in temporary help firms across industries with the movement of workers who start out in other industries.
The paper is organized as follows. In the next section we review relevant literature and discuss theories about how individuals become matched to jobs in temporary help service firms. We describe our data in section III. In sections IV and V we present results. We summarize our results and present conclusions in section VI.
II. Literature Examining the Characteristics of Temporary Workers
Blank's (1998) findings on the low pay and instability associated with temporary work are corroborated in a number of studies that describe the characteristics of temporary work. Segal and Sullivan (1997a) , for example, find that temporary workers are more likely than other workers to report being underemployed, work fewer hours, and have greater variability in their work schedules and less attachment to the labor force. They also report that temporary workers receive 28% lower wages than permanent workers. Nollen (1996) estimates that the average wages of temporary employees are 35% lower than those of workers in other occupations. Houseman and Polivka (1999) also find that workers in temporary arrangements are considerably more likely than regular part-time workers to change employers or to lose their jobs and leave the labor force, even when they say they would prefer to work. In addition, Cohany (1998) finds that whereas 61% of permanent (or "traditional") workers have health insurance, only 7% of temporary workers receive this benefit.
A case study of temporary workers reports that these workers cite a number of "problems" with these jobs, including: uncertainty about income, work hours, and travel costs; a resulting inability to plan, invest, get credit, or make child care arrangements; money paid up front for work clothes or safety equipment that might not be used more than a day; unfairly withheld wages and equipment charges; a lack of job skills training or useful feedback on job performance; marginal social interactions in the workplace and exploitative actions by temporary employers; fear that assignments might be withheld if workers refused assignments, complained, or filed workers' compensation or unemployment insurance claims; and powerlessness in controlling working conditions (McAllister, 1998) . Welfare recipients frequently face employment barriers related to child care, transportation, and limited personal and financial resources for coping with some of these contingencies (Berg, Olson, & Conrad, 1991; Pavetti & Acs, 2001) . It is possible that the problems frequently associated with temporary jobs may be compounded for welfare recipients, generating special obstacles to self-sufficiency.
An alternative view of temporary work is that workers may choose these jobs because temporary help jobs best match their preferences or skills. In addition, the nature of temporary work may benefit workers who want or need to take extended periods out of the labor force, or who value nonmarket time highly but are indifferent to its exact timing. For these people, the instability or uncertainty of temporary work may not be important disadvantages. This group might include some welfare recipients with young children or other family care responsibilities, and among temporary workers there may be a substantial proportion who fit this profile. Cohany (1998) and Morris and Vekker (2001) find that one in three temporary workers prefers their arrangement to a traditional job. Among married women with children, Morris and Vekker report that 25% indicated that they wanted a temporary job for flexibility, for shorter hours, to facilitate child care arrangements, or for other family reasons.
In terms of individual characteristics, Segal and Sullivan (1997a) find that a large portion of the temporary-permanent wage gap can be explained by standard worker characteristics known to be related to wages, or to unmeasured permanent differences in earnings-related characteristics. In addition, in explaining the disproportionate representation of African-Americans among temporary workers, Carre (1992) observes that the occupations in which AfricanAmerican workers are concentrated in temporary employment correspond to those in which African-American workers are concentrated in all industries. Nollen (1996) likewise reports that the overall lower wages of temporary employees are a result of their concentration in low-wage occupations (administrative, clerical, and laborer jobs). Thus, the higher concentration of welfare recipients (and other lowerskilled, less educated workers) in temporary help jobs may in fact reflect a matching process between workers with fewer productive characteristics and firms or jobs requiring less specific human capital, for which firms do not wish to establish long-term contracts.
Furthermore, for those workers with less desirable characteristics, the ability to enter into a contract where the employer has no long-term obligation may facilitate their access to the labor market. As Nollen (1996, p. 575) explains, according to this view, "temporary work gives opportunities to begin the process of practical human capital development." These temporary jobs in firms that might not otherwise hire these workers could also allow workers a chance to show that they are productive and possibly lead to permanent jobs with the same employers. Based on their analysis of the frequency of transitions from temporary to permanent employment, Segal and Sullivan (1997a) find that the size of any "permanent 'underclass' of temporary workers" is likely small.
Previous research has a number of implications related to our analysis. First, to the extent that jobs in temporary help service firms have attributes that better match the preferences and/or skills of welfare recipients, workers in temporary help jobs will tend to be younger, less educated, and more likely to be nonwhite. Also, we expect that workers in temporary help jobs are more likely to have young children.
We also expect that workers in temporary help jobs will tend to have lower initial wages than workers in other industries. Insofar as temporary help jobs facilitate matches between workers and firms that lead to stable, long-term employment relationships, we expect earnings for these workers to increase faster than for others. On the other hand, it may be that temporary help jobs, along with low-wage jobs in general, provide poor future prospects. Houseman and Polivka (1999) find that temporary workers are more likely to lose their jobs than workers in other industries. Bartik's (1997) analysis shows that this is also the case among welfare recipients. If those welfare recipients who go to work in permanent positions stay on the job longer, benefiting from more work experience and opportunities for general or firm-specific skills training, we might expect to see this reflected in higher subsequent earnings and earnings growth rates than for those who take temporary jobs.
In addition, it may be that welfare recipients are being forced to accept jobs in temporary help, and that these jobs lack the attributes that previous research suggests are crucial to their successful transition off of welfare and into stable employment-health insurance benefits, paid time off from work, stable income, and supportive relationships with coworkers and supervisors (Blank, 1998; Cohany, 1998; Jorgenson & Riemer, 2000; Morris & Vekker, 2001) . Workers in temporary help jobs will then be less likely to leave welfare in the future than workers in other industries, and they may have earnings that are persistently below the earnings of workers in other industries. Nonetheless, relative to those not working, welfare recipients who work in temporary help jobs may have a greater chance of moving off of welfare in subsequent periods.
Two recent studies suggest that temporary jobs do not have serious adverse effects on employment and earnings prospects. In a study of British temporary workers, Booth, Francesconi, and Frank (2002) estimate that the effect on current earnings of holding a temporary job is generally less than 10% after controlling for the endogeneity of job choice. For men in temporary jobs, a small earnings difference remains indefinitely even if they find permanent jobs, but women experience no long-run earnings loss. Lane et al. (2003) use a matching technique to examine the effects of entry into temporary help employment on earnings, employment, and welfare receipt a year later. This approach, which controls for a variety of measured characteristics, shows slightly lower levels of employment and earnings a year later for those who initially obtain temporary jobs than for those in traditional jobs. There are no significant differences in welfare receipt, although inferences are limited by the small number of recipients. Those with any job, whether temporary or traditional, have much better prospects than those without jobs.
III. Data
Our analysis examines cash recipients in the Aid to Families with Dependent Children (AFDC) or Temporary Assistance for Needy Families (TANF) programs in the states of Missouri and North Carolina. Our data come from records maintained to administer the states' welfare programs, providing basic demographic and family information on recipient households. We focus on female payees, of age at least 18 but less than 65 years, in single-parent households, and we exclude child-only cases. 3 In most of our analyses, we use quarters as our time unit, so that an individual who receives AFDC or TANF cash payments at any point during a given quarter is considered a welfare recipient.
Our examination of employment for welfare recipients relies on earnings data collected by the states in support of their unemployment insurance programs. Employers report total earnings for each individual in covered employment during each quarter, and we merge this information with records of welfare recipients. In addition to earnings, employer industry and several other employer characteristics are available. Although these data omit self-employment, illegal or informal employment, and a small number of jobs not covered by unemployment insurance, the overwhelming majority of employment within each state is included. For welfare recipients in Missouri, we use employment data collected by the states of Missouri and Kansas, ensuring employment coverage for welfare recipients in Kansas City, Missouri, who often work in Kansas. 4 For welfare recipients in North Carolina, we use that state's employment data. Of course, employment will be understated for individuals who move out of state after leaving welfare. 5 Table 1 provides information on the sample of welfare recipients who serve as the basis for our analysis. In Missouri, our sample consists of all welfare recipients during 1993 and 1997; the sample in North Carolina is for 1997. The sampling frame is quarters of welfare receipt, so individuals appear once for each quarter during each year in which they received welfare. This approach assures that the measures are representative of the average caseload during the year. 6 3 The payee in a child-only case is not a parent and receives payment on behalf of the children. Such payees normally do not face work or training requirements, and their income does not count in the calculation of the benefits. 4 Approximately one in seven jobs held by welfare recipients in Jackson County (the central county in the Kansas City metropolitan area) is in Kansas. In St. Louis, the proportion of individuals holding jobs in Illinois is much lower, reflecting the relatively poor economy in East St. Louis.
5 Kornfeld and Bloom (1997) compare estimates of the effect of experimental (job-training program) earnings calculated using unemployment insurance (UI) data with estimates based on other, more costly earnings data sources and conclude that UI wage data provide valid estimates for all low-income persons except a small subgroup of male youth with past arrests. See Hotz and Scholz (2002) for a general discussion of the advantages and limitation of these data for studying the employment patterns of welfare recipients. 6 We are using data from 1997 for both Missouri and North Carolina because we want to have information for workers for two years prior to and two years following the sample period. Our data in North Carolina begin in 1995, so 1997 is the first year we have the retrospective information. Since the Missouri data begin in 1990, we are also able to use data for welfare recipients in 1993.
Among the standard demographic measures, race shows the greatest differences over time and between states. The proportion of nonwhite welfare recipients is nearly 20 percentage points higher in North Carolina than in Missouri. Over the 4 years covered by our data in Missouri, the proportion nonwhite grows by 4 percentage points. More of the recipients in Missouri are high school dropouts than in North Carolina. Missouri welfare recipients are slightly older, they have more children, and their children are older in 1997, but these differences are small.
Among the most important differences between states is the settlement density. Over 50% of Missouri's welfare recipients live in the central counties of large metropolitan areas (St. Louis and Kansas City), whereas in North Carolina, less than 15% live in Charlotte, the state's only large metropolitan area. Approximately half of North Carolina's caseload is in small metropolitan areas, in contrast to less than 10% for Missouri. 7 Reflecting settlement patterns in the south, North Carolina has a larger proportion living outside any metropolitan area-nearly 40%, in contrast to approximately 25% in Missouri.
IV. Employment, Earnings, and Welfare Exit of Welfare Recipients

A. Characteristics of Welfare Recipients by Job Sector
We begin our analysis of the effect that temporary help services firms have on the labor market experience of welfare workers by looking at how the characteristics of welfare recipients vary by job sector. Throughout this analysis we divide workers into three main groups based on their employment during a quarter: (1) those with no job, (2) those with jobs in only one of our sectors, and (3) those with 7 The observed difference is due to the category breaks in conjunction with the fact that there are more moderately large metropolitan centers in North Carolina. According to 2000 Census statistics, two of the metropolitan areas classified as "small" in North Carolina have total populations greater than 1 million (Greensboro-Winston-Salem-High Point and Raleigh-Durham-Chapel Hill). In contrast, none of the metropolitan areas classified as small in Missouri has a population over 400,000. Our classification is based on the system developed by the U.S. Department of Agriculture Economic Research Service. Comparing recipients having no job with those having a job in the temporary help sector only, we see that welfare recipients who do not have a job are less educated, are more likely to be white, have longer spells on welfare, and work a smaller percentage of time in the previous 8 quarters. These differences are similar for welfare recipients in both Missouri and North Carolina.
Comparing welfare recipients having jobs in temporary help with other employed welfare recipients, we see that recipients in temporary help are much more likely to be nonwhite. In addition, they have slightly longer spells on welfare and work a smaller percentage of time in the previous 8 quarters. However, with the exception of race, the differences in characteristics between recipients working in temporary help jobs and recipients working in other sectors are much smaller than the differences in characteristics between those with and without jobs. Comparing the earnings of welfare recipients working in temporary help jobs with recipients working in other industries, we see that the mean earnings of workers in temporary help jobs is substantially below the mean earnings of workers in other sectors. In 1997, in Missouri, welfare recipients working in the temporary help sector average 40% lower earnings than workers in manufacturing, while in North Carolina workers in the temporary help sector have average earnings that are one-third lower than workers in manufacturing. While the differences tend to be smaller on comparing the average earnings of temporary help workers with the average earnings of workers in other industries, the difference is always at least $100, which translates into at least 10% lower average earnings for welfare recipients working in the temporary help sector.
B. Earnings of Welfare Recipients by Job Type
One other interesting comparison in table 3 is between recipients who hold jobs in multiple sectors, one of which is in the temporary help sector, and recipients who hold jobs in multiple sectors but none in the temporary help sector. Although those with jobs in temporary help have lower earnings, the difference is generally less than 10 percent. One hypothesis that might account for this pattern is that those with both types of jobs may take a job in the temporary help sector because the flexibility of a temporary help job may lower the costs of having more than one job. In contrast, recipients with just one job in temporary help may have lower skills and may therefore take a job in temporary help because temporary jobs better match their skills. Table 4 presents employment and earnings information over the next 2 years for welfare recipients separately by type of current job. In both Missouri and North Carolina, we see that recipients with no current job have substantially lower earnings over the next 2 years than any class of workers and have fewer quarters in which they have positive earnings. We also see that, relative to recipients working in other sectors, recipients with a job only in the temporary help sector tend to have lower earnings over the next 2 years. However, it is important to note that the difference in the sum of earnings between workers in the temporary help sector and workers in other sectors is much smaller than the difference in current earnings reported in table 3. The average sum of earnings over the next 2 years for welfare recipients in Missouri in 1997 whose job is in the temporary help sector is 14% less than for welfare recipients whose job is in manufacturing. In contrast, we saw in table 3 that the average current earnings of recipients in the temporary help sector were 40% less than those of recipients working in manufacturing. This implies that recipients working in the temporary help sector have considerably higher rates of earnings growth over the next 2 years than recipients in the manufacturing sector. We see a similar pattern when we compare the earnings of temporary help workers with those of workers in other industries.
Equally notable, among individuals who are observed initially to have jobs in multiple sectors, those with a temporary help job actually have higher earnings than others in the subsequent 2 years, in contrast to their current earnings, which are lower. The finding that welfare recipients working in the temporary help sector have lower current earnings but faster earnings growth than recipients working in other sectors is consistent with the hypothesis that the reason workers accept jobs in the temporary help sector is that these jobs allow them to demonstrate to employers that they are productive, ultimately leading to more stable, higher-paying jobs. Table 5 presents statistics on welfare receipt over the subsequent 2 years, again broken out by the type of job held 8 Our wage record data allow us to identify the earnings that an individual receives from each employer in a quarter. However, for individuals with earnings from multiple employers, we do not know whether employment was simultaneous or sequential. Recipients are classified as not having a job if they do not appear in the earnings data. 9 This division is based on the Standard Industrial Classification (SIC) code of the employer. The temporary help sector is SIC code 7363. Manufacturing includes SIC codes 20-39, retail trade includes SIC codes 52-59, and services includes SIC codes 70-89. Workers in all other industries are included in the "other" category.
C. Future Welfare Receipt
(or no job) in the current quarter and year of observation. In both Missouri and North Carolina, we see that a larger percentage of recipients with no job are still on welfare in 2 years than of recipients holding any job, and recipients with no job receive welfare payments in more quarters over the next 2 years. When we compare recipients with a job only in temporary help with other employed recipients, we see that recipients working in temporary help are also more likely to be on welfare in 2 years and to receive welfare payments in more quarters over the next 2 years. Welfare recipients who have a job only in the temporary help sector are less likely to leave welfare than recipients who have a job in another sector or who have jobs in multiple sectors. However, relative to welfare recipients with no job, recipients working in temporary help are less likely to be on welfare 2 years later and receive fewer quarters of welfare over the period. Finally looking at the data for Missouri, we see that for all industry groups, the percentage on welfare 2 years later is lower for the more recent cohorts. In summary, tables 2-5 suggest that recipients with any job, including those with jobs in temporary help services, tend to be more skilled, have been on welfare for less time, and are more likely to move off welfare in the future than those with no jobs. However, relative to recipients working in other sectors, recipients with jobs only in the temporary help sector tend to be less skilled, are less likely to leave welfare, and have lower current earnings, but experience faster growth in earnings in the next 2 years. These findings are all consistent with the hypothesis that welfare recipients obtain opportunities for future advancement by working in the temporary help sector. Of course, up to this point we have not controlled for other characteristics of workers that might affect their earnings and employment and welfare patterns in our analysis. It is this more in-depth analysis that we turn to next. 
V. Determinants of Employment, Earnings and Welfare Receipt
A. Determinants of Job Type
We begin by examining the relationship between welfare recipient characteristics and the type of job. We estimate a multinomial logit model, where the types of jobs an individual can have are: no job; a job in temporary help only ("Job in Temp. Help"); a job in temporary help and one in another industry ("Job in Temp. Help and Other Industry"); a job in another industry but no job in temporary help ("Job, but None in Temp. Help"). "No job" is the excluded category in this analysis, so all of the effects are relative to not having a job.
We estimate the multinomial logit model controlling for the set of demographic characteristics discussed previously (age, education, nonwhite, number of children, and age of the youngest child) as well as measures of past welfare experience, labor market experience, and prior earnings. 10 We also control for the quarter of the year from which the observation comes and a variety of characteristics of the county where an individual lives. In addition to the county's metropolitan status, we control for the county's sanction rate and welfare departure rate. County-specific measures of the economy include the county's employment level, the share of employment in nine primary industries, and the average earnings in each.
The results from our multinomial logit analysis are presented in table 6. Looking at the coefficients in this table, we see that, with a few notable exceptions, the effects of individual characteristics are very similar across the three types of jobs, relative to not having a job. Perhaps the most striking exception is the large difference in probabilities by race across job types. The probability that a welfare recipient has a job in the temporary help sector is substantially higher for nonwhites than for whites; there is relatively little difference by race in the likelihood of obtaining other jobs. In addition, contrary to our expectations, older workers are more likely to have jobs in the temporary help sector than jobs in another industry, although this effect is smaller in the most recent period. 11 As expected, there are important differences by geographical location. Here we see that living in a metropolitan area significantly increases the probability that a recipient has any type of temporary help job relative to not having a job or to having a job in another industry. (This relationship is somewhat more pronounced in Missouri than in North Carolina.) This effect is in addition to the strong effects of measures reflecting the local economy. As might be expected, higher levels of overall employment in the county imply a greater chance of temporary employment-especially where temporary employment is combined with other kinds of employment. We see that high levels of construction, manufacturing, wholesale trade, and retail trade employment increase the likelihood of a temporary help job. Earnings by industry also have statistically significant effects, although they are difficult to summarize. As might be expected, higher earnings in the industries listed above do not generally increase the likelihood of a temporary help job, suggesting that it is the lower-paying firms in these industries that are most likely to hire temporary help workers. It is worthwhile to note that these results fail to support the view that women with more demanding family responsibilities are more likely to take temporary help jobs. It appears that individuals with more children or with younger children are no more likely to be in temporary help jobs than others.
B. Determinants of Earnings
The analyses above (tables 3 and 4) show that those with jobs in temporary help service firms have initial earnings that are appreciably below those with jobs in most other major industry categories but that the difference in earnings between these groups declines in the following 8 quarters. Several problems arise in attempting to identify whether this relationship is causal. The first problem is that individuals who take temporary help jobs may have different measured characteristics than other workers, and this difference may partly explain their lower earnings. Of course, we can control for these differences in a regression.
The more serious problem is that individuals in temporary help jobs may differ in unobserved ways from workers in other industries. Insofar as individuals have choices among alternative kinds of jobs, the deliberate choice of a temporary help job may select individuals whose opportunities in other jobs are different from observationally identical individuals in those jobs. In addition, since job type is partly determined by an employer decision, employer selection on unmeasured characteristics overlies self-selection. Although almost any selection configuration is possible, we suspect that women who have particular difficulty obtaining other employment may obtain temporary help positions, which implies that their low earnings are partly due to unmeasured characteristics.
To address these problems, we fit earnings models separately for our four classes of workers controlling both for individual characteristics and for unmeasured factors that influence selection into the job, using the selection correction method proposed by Lee (1982) . 12 In order to identify the selection model, we assume that our measures of county employment, county sanction and welfare departure rate, industrial structure, and industry-specific earnings enter into the selection equation but not into the equation predicting earnings. 13 In essence, this implies that these county measures of the economy and welfare policy influence individual earnings exclusively through current employment and observed job type. Though this assumption may be violated, these measures have the advantage that they will be largely independent of unmeasured individual characteristics that undoubtedly influence job choice and earnings. They therefore avoid the problems due to self-selection into jobs based on individual-specific earnings opportunities, which we expect to impose the most severe biases on results.
We chose the above approach rather than a simple instrumental variables model because it is more flexible and allows us to directly incorporate elements of the selection process into the estimation. Individual characteristics are permitted to have differing effects on ultimate earnings depending on current industry of employment and on whether the individual is employed. In our empirical analyses, the most dramatic differences are between those who are employed and others, and we see below that the impact of taking a temporary help job is substantially different for the kinds of people we observe without a job and those who have a job. The method also uses an explicit selection model to correct estimates of effects, allowing the functional form derived from the selection process to contribute to identification of the model. 14 Appendix table A1 presents equations that predict current earnings for individuals holding jobs in the three classes identified by the multinomial logit: (1) job only in temporary help, (2) job in temporary help and another industry, (3) one or more jobs, but no job in temporary help. Since individuals without jobs have no earnings by definition, they are omitted in this analysis. The results are quite conventional, although, as might be expected in an analysis that controls for type of employment, estimated coefficients are frequently not statistically significant. Perhaps of greatest interest is that the coefficient on is not statistically significant in any of the regression equations, suggesting that selection effects are not of import in this case. 12 This method uses probabilities obtained in the multinomial logit selection model to construct an inverse Mills ratio that is entered as a control variable ( in our tables). The standard errors in these regressions are corrected for estimation error in the inverse Mills ratio. See Gyourko and Tracy (1988) for an explication of the method. 13 The likelihood ratio tests for these measures, taken together, indicate that in all of our analyses they have a highly significant effect on job choice.
14 Lane et al. (2003) use a matching technique to compare temporary help workers with others, which, if successful, allows for variation in effect by job choice. However, they report that in practice their methods did not match very well on work history measures. Matching assumes unmeasured factors do not bias estimates. Appendix tables A2 and A3 present results for selectioncorrected models predicting the sum of total inflationadjusted earnings over the eight quarters subsequent to the reference quarter, as well as earnings in just the eighth quarter. Since individuals with no jobs during the reference quarter may obtain jobs in the following quarters, we include those with no job as an employment class. In all samples, the coefficient on is statistically significant for those not working during the reference quarter, but it is not significant for the other classes. Table 7 presents statistics addressing the issue of how job category influences current and subsequent earnings based on these models. Panel A in the table presents estimates of the effect on earnings in the current quarter, panel B presents estimates of the effect on the sum of earnings over the eight subsequent quarters, and panel C presents estimates of the effect on earnings in the eighth quarter. In each case the comparison is between a job in the temporary help industry only and the other three categories of job. Thus, each entry in the table is an estimated difference in earnings due to having a job in the temporary help industry only versus no job (or another job or some combination of jobs). The simple difference between earnings for those in the given categories is shown in line 1. Line 2 presents estimates of the effect for an individual whose characteristics are at the mean of those who have no job. Thus, it addresses the policy question of how those with no job would fare if they obtained jobs. Line 3 shows the effect estimated at the mean values for individuals in temporary help service jobs. If we view a temporary help job as the treatment, these estimates are the effect of the treatment on the treated. 15 In 15 We also estimated similar measures for those in the other two categories of jobs. Although some differences exist, the pattern of effects In contrast, although lines 4 and 5 are also estimated at the means of group characteristics, the coefficient for is set to zero. This simulates the experiment of actually taking an individual and placing her in one job category rather than another, as opposed to identifying an individual who makes the choice. Standard errors for these estimates are generally much greater than for comparable estimates in lines 2 and 3. In setting ϭ 0, we predict earnings based on independent variable values far from the means for the samples on which coefficient estimates were obtained. Since the coefficient of is estimated with much error, this causes the predicted earnings based on these equations to contain substantial error. 16 Comparing the simple differences for current earnings with estimates of effects reported in lines 2 and 3 in panel A, we see that measured individual characteristics explain only a modest proportion of observed earnings differences between job classes. Estimates of the effect of having a temporary job for an individual who, in fact, has no job (line 2) range from $629 to $846. However, the second and third columns indicate that for such an individual, earnings in a temporary help job are lower by between $200 and $400 than they would be in another job, and lower by about $500 than earnings for holding both a temporary help and another job. Line 3 shows that estimates are generally larger if we focus on those in temporary help jobs. Lines 4 and 5 show similar patterns, although the standard errors are so large that comparisons are often not meaningful.
Looking at panel B, we see that individual characteristics become more important when we focus on the sum of earnings over the subsequent eight quarters. Comparing the simple difference in earnings (line 1) with estimates of the effects in lines 2 and 3, we see that the gap in the earnings between those who had no job and those who had a temporary job (column 1) is around $6000, but the estimated effect is as little as $4,200. The estimates reported in columns 4 and 5 display similar patterns.
Perhaps of greatest interest, we see that the dollar decrement to having a temporary help job rather than a job in another industry ranges from about $500 to $1600, which is generally less than a third of the positive effect of a temporary job relative to no job. Estimates for effects on current earnings in panel A implied a much larger relative penalty for temporary help employment. In percentage terms, we find that, controlling for observable characteristics, temporary help employees have current earnings that are about 60% of earnings for those in other jobs, but the sum of their subsequent earnings is at least 85% of that for other workers. This underscores our observation that the low earnings obtained in temporary help jobs do not appear to be permanent.
Lines 4 and 5 do not provide much evidence that selection on the basis of unmeasured factors into each job category explains the gap between predicted earnings for temporary help workers and those with no job. In North Carolina, this measure is actually larger than those reported in lines 1 and 2 and is statistically significant, whereas in the two Missouri samples, the estimates are very imprecise.
Panel C, which presents estimates based on earnings in the eighth quarter after the reference quarter, underscores the basic pattern reported in panel B. Earnings for those initially in temporary help jobs are predicted to be at least 94% of the earnings they would obtain if they had been in an alternative job. The estimates (second column) are generally small and often are not statistically significant. Overall, we conclude that, although temporary help workers earn lower wages initially, they also have faster subsequent wage growth, so that by 8 quarters later, workers who initially held temporary help jobs have earnings that are close to those of workers who had jobs in other industries.
Estimates of the effect on ultimate earnings of holding a temporary job rather than no job, as reported in both panels B and C, are substantial both for individuals who don't have jobs (line 2) and for those who have such jobs (line 3), although they are generally somewhat higher for the former. It appears that a policy of moving individuals who would not otherwise be employed into temporary help jobs has substantial beneficial effects, whether one is examining current temporary help workers or those who might be subject to future policy.
Perhaps most surprising is that the role of temporary help has changed little in Missouri over the period we observe it. Between 1993 and 1997, the proportion of welfare recipients with any kind of temporary help job more than doubled, and among employed welfare recipients, the proportion increased by 50%. This period also corresponds with changes in the welfare system, in which there was growing pressure for recipients to seek employment, accompanied by dramatic declines in the welfare caseload. If recipients were is similar, and none of our conclusions would be altered by considering these estimates. 16 In general, the most accurately estimated predictions are those where dependent variables are closest to the means on which the sample is estimated. Since the group means on the independent variables that are used in estimating lines 2 and 3 are only slightly displaced from those used to estimate parameters, estimated standard errors are not inflated by this procedure.
being forced into temporary help jobs in this period, we might expect that those employed in these jobs would fare worse than in earlier years, in contrast to our findings.
C. Mobility Between Jobs
Of course, we expect that one of the primary ways that those in temporary help jobs improve their position is by moving into jobs in other industries. Table 8 provides some indication of the job mobility of temporary help workers and others. For ease of presentation, an employed individual is classified by the job from which she received the most earnings in the quarter. We recognize that many of the temporary help workers that "move" to other industries were actually working in firms in those industries while they were employed by temporary help firms. However, for those workers, such a move nonetheless identifies an important change in employment status.
Each row in table 8 indicates how individuals in a given type of job are distributed across jobs a year later. We see, for example, that in 1993, 38.6% of temporary help workers were working in service jobs (including temporary help) 1 year later. The patterns are quite similar across years and states, and in each case they indicate that mobility from temporary help positions to other industries is substantial. Whereas over 50% of workers in service industries and not in temporary help remain in service, only about 40% of temporary help workers are still in service 1 year later. In our two states, the proportion of temporary help workers who have moved to manufacturing, although modest, is greater than for any of the other industries, aside from manufacturing itself. Temporary help workers are also relatively likely to move into the "other" category. The likelihood of movement to these two industry categories is significant, given that jobs in these industries on average pay higher wages (see table 3 ).
Though the movements are not striking, they nonetheless give some indication of the kind of mobility that temporary help workers may be experiencing. Furthermore, it is worthwhile to note that the proportion of workers who do not have a job 1 year later is also similar across industries, suggesting that temporary workers are not significantly more likely to be without a job a year later than those who go to work in other industries.
D. Movement Off Welfare
Next we estimate the probability that an individual is on welfare 8 quarters later, controlling for measured characteristics and unmeasured factors that influence selection into the job. We again apply Lee's (1982) selection correction method to this linear probability model. We use the same classification system for job type that we used in the earning models (i.e., no job, job in temporary help only, job in temporary help and another industry, or job but none in temporary help), and similarly construct the inverse Mills ratio using probabilities obtained in the multinomial logit selection model. Appendix table A4 presents results for the selection-corrected models predicting the probability of leaving welfare 8 quarters later, with the standard errors adjusted for estimation error in the inverse Mills ratio. Table A4 shows that the estimated effects of individual characteristics are consistent with prior research, and differences over time and between states are small. The coefficients on in all of the Missouri models are generally not statistically significant, implying that selection effects are negligible. The North Carolina results suggest, however, that self-selection is particularly important for those with no job during the reference quarter. Table 9 presents statistics that indicate how the type of job one enters influences the probability of leaving welfare. Differences in the observed probabilities are shown in line 1; lines 2 and 3 show estimated effects for individuals who initially hold no job and those who hold a temporary help job only. Following the same structure as table 7, lines 2 and 3 include , and therefore do not correct for selection on unmeasured factors, whereas lines 4 and 5 set the coefficient of to zero, removing any differences due to selection on unmeasured characteristics.
The results show that welfare recipients holding jobs are substantially more likely to be off welfare in 2 years than are those without jobs, but there is a decline in this effect over time. Focusing on Missouri, where we can compare periods prior to and following welfare reform, line 2 shows that, in 1993, the chance of leaving welfare is 6.6 percentage points higher for a recipient with a job (not in temporary help) than for a recipient with no job, whereas in 1997 the difference is only 2.9 percentage points. The difference in North Carolina in 1997 is 3.4 percentage points. Recall that the chance that any individual leaves welfare increases dramatically between 1993 and 1997 (table 5) , and the observed pattern is consistent with the view that welfare reform has had its greatest impact on those without jobs.
In North Carolina, those with only temporary help jobs have a chance of leaving welfare that is 3.8 percentage points lower than those in other jobs. The difference is greater in Missouri, with a difference of nearly 7.7 percentage points in 1997 and over 10 percentage points in 1993. However, when we control for measured personal characteristics (lines 2 and 3), the estimates are smaller, less than half as great in some cases, implying that much of the lower chance of leaving welfare for temporary help workers is due to measured characteristics. In 1997, in both Missouri and North Carolina, once we control for observable characteristics, recipients working in temporary help jobs are about 3 percentage points less likely to leave welfare in 2 years than recipients working in other industries. Hence, once measured factors are controlled, working in a temporary help job has only a small effect on the chance of exiting welfare.
Controlling for unmeasured differences that influence selection into jobs (lines 4 and 5) has no consistent effect on the estimated effects of temporary employment on the chance of leaving welfare. As in the earnings models, these estimates have large standard errors and are not very informative about the importance of selection in biasing estimates of the effect of temporary versus other jobs. However, lines 3 and 4 tend to confirm the positive effect of having a temporary help job rather than no job. In fact, in North Carolina, these are statistically significant and the point estimates imply that a large effect of employment on welfare exit is partly hidden by unmeasured factors. 
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VI. Summary and Conclusion
Our results confirm the view that welfare recipients in temporary help jobs receive lower earnings and have less promising prospects for movement from welfare than those who have jobs in other industries. However, what is perhaps of greatest interest is that these differences are small once we control for individual characteristics. Earnings in subsequent years for temporary help workers increase faster than those in other industries. Overall, it is clear that those in temporary help jobs have appreciably better future prospects than those who are not holding jobs, even after controlling for all of the characteristics that we can observe.
Whether temporary help jobs are, on net, beneficial to welfare recipients depends on whether they supplant jobs that provide better pay and benefits and greater stability. It seems likely that a welfare recipient with a job in a manufacturing firm faces at least slightly better prospects than a worker in temporary help services. But we suspect that for many welfare recipients, attractive jobs are not available because their skills and observable characteristics make employers unwilling to hire them into the stable and high-paying jobs, such as those in manufacturing. If temporary help jobs provide employment for at least some welfare recipients who would not otherwise have employment, these analyses show that the effect will be strongly positive.
Even if temporary help jobs supplant other jobs, there is very little evidence to suggest that workers in those positions are significantly hurt in the long run. Our analyses suggest that temporary help jobs provide a path to other industries with higher pay and greater stability. There is also evidence that some recipients benefit from being able to combine work in temporary help services with other employment. Undoubtedly, some of those with temporary help jobs find themselves trapped in employment with low earnings and perennial instability, but we do not find evidence that, among welfare recipients, such problems are worse for temporary help workers than for those in most other jobs. Those who take temporary positions are not more likely than those taking jobs in other industries to be without a job a year later. And despite the growth in the number of welfare recipients with temporary help jobs, there is no indication that the circumstances of these workers have deteriorated over time. NOTE. Standard errors are reported in parentheses. All standard errors have been adjusted for the estimation error in the inverse Mills ratio. Estimation takes account of the correlation of errors for recipients who appear in the data multiple times.
APPENDIX
